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ABSTRACT : In this paper, the fuzzy inference system and neural networks are used to evaluate
practical examination evaluation impartially and objectively. The neural networks have 7 input variables
. basic beauty techniques, postures, operating procedures, skilled levels harmonic states, and so on,
and 3 output variables @ Scores df technique evaluation, harmony evaluation and creativity evaluation
technique evaluation, harmony evaluation and creativity evaluation. The fuzzy inference system has 4
input variables : basic beauty techniques, postures, operating procedures, skilled levelsharmonic
states, and so on, and 1 output variable. The fuzzy inference and neural network system are proposed
for objective evaluation of practical exarmination
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