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Use of the Singular Value Decomposition in Multivariate
Errors in Variables Regression Analysis
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Where F has the same distribution as E, (X, Y’) is observation matrix,

Watson? and studied by Bhargava-" They gave the estimations of B, g

,€,), Band ¢? are unknown parameters, was proposed by Gleser and

the maximum likelihood method under the assumption of normality as belows;
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B =ML
2 §F =LLX+IMY
0= (2np) N (W — trD)
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Where W = [";J [‘;/(} , W [AI;IJ:[A%:JD’ the rows of (L', M’) areortho-
nomal and so are eigenvectors of matrix W, D a diagonal matrix of eigenvalues.

In this note we used the form of the singular value decomposition ( SVD ) in
multivariate errors in variables’ regression analysis, in order to estimate unknown
parameters B, £ and o2

As the conclusion, we have confirmed all the same results as the above equa-

tion (2) and the same estimators for B and &, without the assumption of normal

ity.
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