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A study on an Evaluation of Hair-Cut Practical

Examination using Neural Network

Kyung-Hee Han" - Byooung-1l1 Cho™
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A vpractical application of neural
evaluation of Hair-Cut. The neural
techniques and posture, operating procedure, skilled level and harmonic state, bias and 1

output variable, practical examination marks. In this paper a neural network system was
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described for evaluation of Hair-Cut practical examination impartially and objectively.
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